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Single Solution for Data Discovery
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1. load dataset

In [ ]: library(RMetis)
In [ ]: | dataset <- charts.get(client.url('metatron.mcloud.sktelecom.com',80), 'c59b75cc
2. analyze

In [ ]:
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- Return type (html,

- notebook code

response.write(_user_object_)

json) 1 Ed
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sales analysis

CHART

PAGE_1507685416920

@R

Detail

sales analysis report

http://metatron.mcloud.sktelecom.com/a,

HTML

Delete API

L

sales analysis report

Jjames
Thu Oct 12 15:41:21 2017

library(RMetis)

## Loading required package: httr

## Loading required package: jsonlite
## Loading required package: methods

dataset <- charts.get(client.url('localhost',4200),

summary (dataset)

#4 suM(Sales) category

## Min. 1719127 Length:3

## 1st Qu.:730566 Class :character
## Median :742006 Mode :character

'e59b75cc-5bld-4cTa-b5fa-eTecBe29cléc’)

## Mean 1765785
## 3rd Qu.:789114
## Max. :836221
regression model <- list(coefficients = 2.5, intercept = 0.0)

response.write(regression_model)

## {"coefficients":[2.5],"intercept”:[0]}
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{"coefficients":[2.5],"intercept":[0]}
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Use case - SKT TANGO N/W Analytics
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Roadmap

Short-term
Roadmap

V1.0 (~"16.4Q)

Core Functions

* Chart

* Dashboard

* User/Group Management
* Data Source Management
* Workbench

Long-term
Roadmap

Cloud Support

= Docker
» Charging
= High Availability

V2.0 (~'17.4Q) V3.0 (~'18.4Q)

End-to-end Functions Enhanced Functions

A

« UX2.0 * Data management (Auto-MDM)
* Embedded Analytics e Search-based Discovery
(Trend, Prediction, Clustering) * Vertical-specific Functions
* Analytic Support (Jupyter) * Realtime Functions
* Data Management * Map Chart
(Lineage & Job Log) * Open Source Project

* Data Preparation

79~ 2]

Enhanced Analytics (ML/AI) Collaboration

» Anomaly Detection
» Contents-based Analytics
» Predictive/Prescriptive

» Instant Messaging
» Mobile Support
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Roadmap — Open source project

% https://metatron.app
« 788 LELAT OF

Prepare Data by Yourself
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Feature Highlights
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